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Chinese-braille conversion system based on deep learning

YAN Quanyong, WU Yuecheng

(School of Mechanical Engineering, Zhejiang Sci—Tech University, Hangzhou 310018, China)

Abstract; Chinese — braille translation is the automatic translation of Chinese electronic text information into Braille digital

information, which will have a huge impact on the learning style and living standards of the visually impaired.In this paper, a

Bidirectional Gated Recurrent Unit Conditional Random Field ( BIGRU-CRF) network model is constructed based on deep learning

technology to solve the problem of Chinese—blind translation. The model obtains the context information through the bidirectional

gated recurrent unit, and combines with the characteristics of conditional random field model sequence labeling, so as to obtain more

correct word segmentation and sequential writing results, and greatly improves the accuracy of Chinese —braille translation. The

experimental results show that the Chinese—blind translation system designed in this paper can accurately convert Chinese characters

into braille, and has certain practicability.
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Fig. 1 The overall process of Braille conversion for Chinese
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Fig. 2 BIGRU-CRF network model structure
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Fig. 3 Braille conversion diagram
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Fig. 4 Demonstration diagram of Chinese—braille conversion
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Table 1 Experimental environment configuration table
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CPU Intel(R) Core(TM) i7-11800H
GPU NVIDIA GeForce RTX 3050 Ti
EVERG Windows 10
HRIE S Python
VR 2 ] HEZR TensorFlow
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Table 2 Experimental test results %
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Table 3  The statistics of the number of Chinese sentences in

Chinese—braille parallel corpus
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